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Abstract:

posed in this paper. More specifically, the priori information is obtained from the adjacent frames and the pre-denosing-

A priori information-based lightweight convolutional neural network (CNN) for video denoising is pro-

based motion compensation is applied to effectively collect the priori information. Meanwhile, the dual-path processing-
based CNN is designed to remove the video noise. Specifically, the dual-path cross connection unit (DCU) is proposed to
simplify the feature extraction for the design of a lightweight network. With DCU, the high-resolution features and the
low-resolution features are generated and they are concatenated by shorter connections, which achieve low complexity.
The experimental results demonstrate that our proposed method offers good objective results as well as subjective results.
Moreover, it effectively reduces network parameters and floating point operations, and achieves a fast CNN-based video
denosing.
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